
https://www.scirp.org/journal/ns Natural Science, 2020, Vol. 12, (No. 8), pp: 553-568 
 

 

https://doi.org/10.4236/ns.2020.128043 553 Natural Science 
 

 

The End of Our Earth Is Certainly to Come: “When”? and 
“Why”? 

Kuo-Chen Chou 

Gordon Life Science Institute, Boston, Massachusetts, United States of America 

Correspondence to: Kuo-Chen Chou,  
Keywords: Coronavirus, Pandemic COVID-19, Atheists, Christians, Internet Institutes, Johann Pachelbel 
Received: July 20, 2020      Accepted: August 2, 2020      Published: August 5, 2020 

Copyright © 2020 by author(s) and Scientific Research Publishing Inc. 
This work is licensed under the Creative Commons Attribution International License (CC BY 4.0). 
http://creativecommons.org/licenses/by/4.0/ 

  
 
 

ABSTRACT 
Does the recent pandemic COVID-19 mean a very clear sign to eliminate our Earth? For 
such a “Living” and “Dying” problem, the answers from both “Atheists” and “Christians” 
are exactly the same. What we addressed here are of “When”? and “Why”? 

 

1. INTRODUCTION 
As of August-01-2020, nearly all the countries on the Earth have been affected by the Pandemic 

COVID-19: for USA alone the total number of the cases reported is 4,666,351 of which 155,930 leading to 
deaths. For United Kingdom, the corresponding numbers concerned are 303,952 and 46,119, respectively.  

2. FACTS AND DISCUSSIONS 
Its killing power is much stronger than the “Atomic Bomb” detonated over Japanese city of Hiroshi-

ma on August 6, 1945. The bombing killed 129,000 people. 
It is also much more terrified than the Terrorists Attack on September 11, 2001 (often referred to 

“911”). The 911 attack resulted in 2977 fatalities, over 25,000 injuries, and substantial long-term health 
consequences. 

The number of deaths in USA alone caused by the COVOD-19 has also significantly exceeded its mil-
itary persons killed in any of its wars in history.  

For the so-called “Atheists”, including “Karl Max” and “Friedrich Engels” who are the founders of 
Communism theory, have stated in their books: “there is a Beginning, there must be an End”, clearly indi-
cating: “the Earth will eventually collide into some other planet and be completely crushed”.  

According to Bible, however, when our earth is close to its End, the following will be seen: “nation 
will rise against nation, and kingdom against kingdom. There will be great earthquakes, famines and pes-
tilences in various places, and fearful events and great signs from Heaven.” 

Johann Pachelbel is one of the greatest composers. A tune composed by him has been played most 
frequently and constantly in the world. By choosing that very beautiful tune as the harmony, some female 
singers have been anxiously asking God of the two questions: “Why”? and “When”? The 1st question is 
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about why there is the End of World” while the 2nd question is about when it will come true”.  
Now the answers to the two questions are very clear. Right before the World-End, Jesus will send out 

his angels to weed out those who are sin, evil and wicked. They will be thrown by the angels into the fiery 
furnace, where they will be weeping and gnashing of teeth. In contrast to this, the righteous will be raised 
to the Heaven. 

Pestilences or Coronavirus disease 2019 (COVID-19) is an infectious disease caused by severe acute 
respiratory syndrome, which was first identified in December 2019 in Wuhan, Hubei, China. After April 
2020 and causing about 4000 deaths, although no remarkable infectious cases reported in Wuhan. Unfor-
tunately, the 2nd-wave coronavirus diseases have been also identified on Beijing during May 2020. This 
kind of originally from “East-Globe” or “Eastern hemisphere” to “West “Globe” or “Western Hemisphere” 
and then kicked back from the West to the East again, very much like playing “Tennis”, “Ping-Pong” or 
“Badminton” ball. The extremely dangerous ball is none but “Coronavirus” or “Pestilences”. 

Since all the scientists working in a sharing laboratory of the Universities or most conversional Insti-
tutes must wear masks except those working in the “Internet Institute” (Figure 1) such as the “Gordon 
Life Scient Institute” [1-3]. And the results thus obtained will be of real usage for the other planet as indi-
cated in [4]. 

Such expectation with deep belief has been widely and increasingly supported by many papers from 
different angles, corners, or aspects, particularly for the works based on the idea of “Pseudo Amino Acid 
Composition” or PseAAC” [5-80], the works based on the “5-steps Rule” [5-84], the works based on the 
“Wenxiang Diagram” [85-87], the works on the “HIV protease inhibitor prediction” [88-112], the works 
on the Post-translational modification (PTM) [113-122], the works on enzyme kinetics [123-152], the 
works on the protein subcellular location prediction [153-212], the works on enzyme kinetics [123-152], 
and the works on “Graphic Rules” [130, 134, 136, 138-141, 213-219].  

Using graphic approaches to study biological and medical systems can provide an intuitive vision and 
useful insights for helping analyze complicated relations therein as shown by the eight master pieces of 
pioneering papers from the then Chairman of Nobel Prize Committee StureForsen [132, 213-215, 
220-223] and many follow-up papers. This kind of insightful implication had been also demonstrated in 
[130, 224] and many follow-up publications [85, 86, 89-91, 96, 99, 121, 139, 140, 194, 195, 217, 225-263]. 
They are very useful for in-depth investigation into the topic of the current paper, and we will use them in 
our future efforts.  

 

 
Figure 1. A schematic drawing to illustrate how the Internet Institute is working. 
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3. CONCLUSIONS 
After several waves of the killings as described in the Section 2, the speed to reach the End of our 

Earth will be accelerated exponentially. Within such a short period of time, it is the most effective and ap-
propriate to acquire useful scientific knowledge via the “Internet Institutes”.  
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