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ABSTRACT

Whether the recent “Pandemic Pestilences” are of clear sign for the “World End”? Both
“Atheists” and “Christians” have deeply believed so. During such a subtle time-period,
many exciting results can be produced by the Internet Institutes.

1. INTRODUCTION

As of July-06-2020, about 200 countries on the Earth have been attacked by Pestilences 2019
(COVID-19): for USA that consists of 50 states, 48 states have been identified with “Pestilences”. The total
number of the cases concerned is 2,803,454 of which 130,995 result in deaths. For United Kingdom, the
corresponding numbers are 283,757 and 43,995, respectively.

2. FACTS AND DISCUSSIONS

It is much more powerful than the “Atomic Bomb” detonated over Japanese city of Hiroshima on
August 6, 1945. The bombing killed 129,000 people.

It is also much more horrified than the Terrorists Attack on September 11, 2001 (often referred to
“9117). The attacks resulted in 2977 fatalities, over 25,000 injuries, and substantial long-term health con-
sequences.

The number of deaths caused by Pestilences has also significantly exceeded that of military persons
killed in any of war involved with USA.

For the so-called “Atheists”, typically represented by “Karl Max” and “Friedrich Engels”, have written
in their books: “there is a Beginning, there must be an End”, clearly stating: “the Earth will eventually dis-
appear owing to colliding with the other planet”.

According to Bible, however, close to the “World-End”, nation will rise against nation, and kingdom
against kingdom. There will be great earthquakes, famines and pestilences in various places, and fearful
events and great signs from Heaven.

Even in the Pachelbel tune that has been played most frequently and constantly, some female singers
ask God the two questions: “Why”? and “When”? The 1* question is about “why there is the End of
World” while the 2™ question is about “when it will come true”.
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Right before the World-End, Jesus will send out his angels to weed out those who are sin, evil and
wicked. They will be thrown by the angels into the fiery furnace, where they will be weeping and gnashing
of teeth. In contrast to this, the righteous will be raised to the Heaven.

Pestilences or Coronavirus disease 2019 (COVID-19) is an infectious disease caused by severe acute
respiratory syndrome, which was first identified in December 2019 in Wuhan, Hubei, China. After April
2020 and causing about 4000 deaths, although no remarkable infectious cases reported in Wuhan. Never-
theless and unfortunately, the 2"*-wave coronavirus diseases have been also identified on Beijing during
May 2020. This kind of originally from “East-Globe” or “Eastern hemisphere” to “West “Globe” or “West-
ern Hemisphere” and then kicked back from the West to the East again, very much like playing “Tennis”,
“Ping-Pong” or “Badminton”, “Ball”. The extremely dangerous Ball is none but “Coronavirus” or “Pesti-
lences”.

Since all the scientists working in a sharing laboratory of the Universities or most conversional Insti-
tutes must wear masks except those working in the “Internet Institute” (Figure 1) such as the “Gordon
Life Scient Institute” [1, 2]. And the results thus obtained will be of real usage for the other planet as indi-
cated in [3] as well as widely and increasingly agreeable as supported by many papers from different angles
or aspects, particularly for the idea of “Pseudo Amino Acid Composition” or PseAAC” [4-74], the “5-steps
Rule” [75-97], the “Wenxiang Diagram” [98-100], the “HIV protease inhibitor prediction” [101-106], and
the “Graphic Rules” [107-115]. Using graphic approaches to study biological and medical systems can
provide an intuitive vision and useful insights for helping analyze complicated relations therein as shown
by the eight master pieces of pioneering papers from the then Chairman of Nobel Prize Committee Sture
Forsen [107, 109, 110, 116-120] and many follow-up papers [67, 98, 99, 113, 115, 121-163], and a series of
recent papers [164-180].

Figure 1. A schematic drawing to show how the Internet Institutes work.
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Moreover, it is instructive to point out that, based on the works on protein conformation [181-196],
the new classifications for protein structures have been developed [102, 105, 106, 143, 197-207], that based
on the works of low-frequency internal motions [116, 121, 122, 124-132, 134, 208], that based on the works
on the graphical rules for biological systems [108-115, 136, 209, 210], that based on the works on enzyme
kinetics [108, 111-114, 119, 136, 209, 211-232], that based on the works on HIV proteases [101, 102, 104,
106, 233-238], that Post-translational modification (PTM) [239-270], and that protein subcellular location
prediction [162, 268, 271-288].

3. CONCLUSIONS

For our Earth, after several waves of the killings as described in the Section 2, the time of its “End”
will become much faster according to the exponential mode. Before its “End”, it will provide the most
useful knowledge to do the science with the “Internet Institutes.”
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